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Source: Piwowar 2013 

More data are available in more ways  

Source: ROAR 

Source: OpenDOAR 

Over 600 data repositories in Databib 

and re3data (Feb 2014) 
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Data are made available  

…so they can be reused 
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Source: Nature (GARY WATERS/IKON IMAGES/CORBIS) 

“It's important to allow readers and 

reviewers to see exactly how you 

arrive at your results. Publishing 

data and code allows your science 

to be reproducible.” 
-- Amy Zanne, biologist, George Washington 

University 

“…we know from the Rheinhart 

Rogoff case that we simply need 

one student to reuse the data in 

order to achieve a huge impact.”  
-- David Osimo, open-evidence.com 

http://www.nature.com/naturejobs/science/articles/10.1038/nj7461-243a
http://www.nature.com/naturejobs/science/articles/10.1038/nj7461-243a
http://egov20.wordpress.com/2014/01/23/indicators-for-data-reuse-its-not-
http://egov20.wordpress.com/2014/01/23/indicators-for-data-reuse-its-not-


Using other people’s data… 

“The most commonly reported 

problems associated with these 

attempts were the lack of 

replication data and code, 

followed by insufficient 

documentation” 
http://www.washingtonpost.com/blogs/monkey-

cage/wp/2014/02/12/replication-in-political-science-graduate-courses-an-

untapped-resource/ 
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Data reuse & the crisis of quality 

Can I 
use 

this? 

Do I have 
the rights 
to use it? 

What is 
this? 

Can I use 
it? 

Can I use 
this now? 

Source: fehrandpeers.com 
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Aspects of data quality 

Data creation 

Relevant 

Accurate 

Ethical 

Complete 

Timely 

 

First Use 

Understandable 
Reuse 

Independently 
understandable 

Findable / Shared / 
Open / Public 

Preserved 
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Independently understandable data for 

informed reuse by a designated community 
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Data Quality Review 
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Data archives committed to DQR 
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File set before 
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File set after 
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Missing labels 
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Missing labels 

Researcher: “Here are the labels: 

_n1 is the number of observations in the 

treated strata before matching 

_n0 is the number of observations in the 

comparison strata before matching 

v1 = turnout for treated observations 

v0 = turnout for comparison observations 

 

… this reminds me that I needed to include 

the .ado code in the Matching Code folder. I 

just did that and updated the readme file. Boy, 

the things your forget about after not thinking 

about something for two years!” 

RA: “We are missing 

labels for the following 

variables:  

_n1, _n0, V1 and V0.” 
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Code before 
14 



Code after 
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DQR process in other repositories 

REVIEW FILES 

Create persistent ID 

Record file sizes and formats 

Create checksums 

Check for completeness, confirm all files are present (data, and required documentation and code if available) 

Create study-level metadata record including file information 

Create citation 

Create non-proprietary file formats for preservation 

REVIEW DOCUMENTATION 

Confirm comprehensive descriptive information 

Confirm methodology and sampling information 

Create documentation compliant with community standards, e.g., DDI XML 

REVIEW DATA 

Run frequencies and check for undocumented or out of range codes 

Standardize missing values; check for consistency and skip patterns 

Check and edit variable and value labels 

Check and add question wording (surveys) 

Review data for confidentiality issues; Recode variables to address confidentiality concerns 

Generate multiple data formats for dissemination  

REVIEW CODE 

Check and verify replication code 

PUBLISH & LINK 

Publish to access system 

Link to other research products (e.g., publications, registries, grants) 

PRESERVE 

Migration strategy for file formats 

Monitor bits 
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DQR by researchers 

“No matter how invested in their own work, 

scientists appear to be “poor stewards” of their 

own work, the study concluded.”  
      – Kevin Fogarty, Slashdot  

 Data management plans 

 The research workflow 

 

 

 Post-publication peer review 

Open Science Framework 
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DQR by journals 

Uneven oversight of data deposits and no DQR 

 Stricter policies & guides by journals 

 Replication audits 

 Data journals 
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http://f1000research.com/


DQR: A community commitment 

 

Reviewing the quality of the data is an 

obligation of any entity that assumes 

responsibility over the data. 

 

 

It’s in everyone’s interest! 

DATA 
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Unusable data = lost data 

Image: Shutterstock.com/Lightspring  
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Thank you! 
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